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How to create an Al-powered Company
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Some examples from ChatGPT Multi-modal

Human Cell

PARKING

1AM« lpM.
TUESDAY
SIREET CLEANING
t

s

P

shwutterstcik

The im: ortrays the concept

Specifically:

Wod Defense Acquisition, Tachnology. and Logisties Life Cycle Management <

evident that none of them ng o same thi rading to
amoment of realization with the cz

In the third panel, the figures are shown with different shapes again,
but this time there's an "ah ha!" moment, indicating a sudden
realization or insight

The last panel shows that, after somr S sion or thought, all he
come to a consensus or shared understanding, as they all envision

It's Wednesday at 4 pm. Can | park at this spot right now? Tell me in 1line.

the same shape and the caption reaffirms "I'm glad we all a

erall, it S jhlight the importance of communic

unde ng ¢ tin group settings. It sugge t even

ithout clear communication.

Yes, you can park for up to 1 hour starting at 4 pm.




From Niche to Norm: Artificial Intelligence's Market Expansion

Google Search Data 2004-2024 Nvidia and S&P 500 Stock Price

Interest Over Time (Normalized) = NVIDIA Corp Total Return
100
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Spencerstuart*Data aggregated from multiple sources: https://www.marketresearchfuture.con/reports/ artificial-intelligence- market-1139 *Data aggregated from multiple sources: https://www.zippia.com/advice/artificial-intelligence-statistics/
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Reflection

The LLM examines its own work to come up with
ways to improve it

Patterns for N Tools use
Agentic O ominermysiarmamphapiae

. . information, take action, or process data
Applications

Planning

The LLM comes up with, and executes, a multistep
plan to achieve a goal (for example, writing an
outline for an essay, then doing online research,
then writing a draft, and so on)
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How Smart is

A percentile describes how an examinee’s
score ranks in comparison to others.
For example
60" Percentile
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OpenAl's latest large language model, GPT-4, is capable 60% of examinees 40% scored
8 i i scored lower than higher than

of humaAn level performance in many professional and ChRtGRT Eher

academic exams.

Exam Results @ chatGPT3.5 @ ChatGPT 4.0
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The Graduate Record Exam (GRE) is a @
standardized test that is required for admission

to many graduate schools across North America.
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° but continues to struggle in certain subjects.

@ According to OpenAl, the essays that GPT-4 @
produced for these tests were graded by
g “qualified third-party contractors”.
E
\,
GPT 4.0 has made impressive strides over GPT 3.5

GPT attempted 10 programming contests 100
times each, but was unable to consistently find

solutions to the complex problems

Source: OpenAl (2023)
Note: Percentiles are based on the most recently available score distributions for test takers of each exam type.
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Category =

Law

Law

SAT

SAT

Graduate Record Examination (GRE)
Graduate Record Examination (GRE)
Graduate Record Examination (GRE)
Advanced Placement (AP)
Advanced Placement (AP)
Advanced Placement (AP)
Advanced Placement (AP)
Advanced Placement (AP)
Advanced Placement (AP)
Advanced Placement (AP)
Advanced Placement (AP)

Competitive Programming

The following table lists the results that we visualized in the graphic.

Exam

Uniform Bar Exam

LSAT

Evidence-based Reading & Writing

Math
Quantitative
Verbal

Writing

Biology

Calculus
Chemistry
Physics 2
Psychology
Statistics

English Language
English Literature

Codeforces Rating

1k

GPT-4
Percentile

a0
88
93
89
80
99
34
85
43
71
66
83
B9

14

<3

GPT-2.5
Percentile

10
40
87
70
25
63
a4

62

22
30
83
40

14

<5



Measuring o1 1Q in Mensa

This site quizzes 9 Verbal & 4 Vision Als every week | Last Updated: 01:30AM EDT on September 16, 2024

IQ Test Results

Score reflects average of last 7 tests given

[ Show Offline Test " Show Mensa Norway | =

OpenAl o1 preview
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5 ChatGPT-4
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https://www.maximumtruth.org/p/massive-breakthrough-in-ai-intelligence

Comparing Physician and Artificial Intelligence Chatbot Responses to Patient Questions

Figure. Distribution of Average Quality and Empathy Ratings for Chatbot and Physician Responses to Patient Questions

E Quality ratings Empathy ratings
Chatbot
Physicians
= 2 Physicians Chatbot
wv wv)
c =
(5} [«
o =
Very Poor Acceptable Good Very Not Slightly Moderately Empathetic Very
poor good empathetic empathetic empathetic empathetic
Response options

Response options

https://erictopol.substack.com/p/when-patient-questions-are-answered
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HOW not TO CREATE AN Al - POWERED COMPANY
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Value creation in the 3rd Millenium Economy

First, becoming AI-POWERED means associating your core strategy and
competitiveness with the usage of data and Al. Your strategy must be underpinned by
a thorough, up-to-date data acquisition strategy. After all, Al is intelligence derived |
from data. So, data should be your very first focus for becoming AI-POWERED

ECOSYSTEM NETWORK OPENNESS CO-CREATION

--------------------------------

--------------------------------
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Al - THE NEW ELECTRICITY

T R N S A R " e

180
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140
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As experts in talent placement, we see four keys to success for data &

analytics leadership in Organizations

More Engineering-centered Org
» Sustained focus on acquiring top engineering talent

» Data-POWERED transformations demand modern engineering more than analytical modelling
» Insufficient engineering capabilities result in 80% of analysts' work being data clean-up
» Adequate engineering capacity amplifies the impact of a few PhD mathematicians

Organizational Product Focus
@ » Product management in data/analytics enhances project prioritization and engagement

» It ensures representation of various disciplines in all new analytical development, fostering business partners' ownership and
engagement

» Small scale POC and ad-hoc analysis remain important, but major wins rely on scalable data science products

B

79N Data & Al Take the Lead on Organization Design
O~ A » Al leaders define new work types and models, promote learning especially with GenAl and LLMs

» They encourage change, reward experimentation and measured risk-taking
» They are accountable for value creation and risk management
» Effective leaders leverage the existing organization's culture

Centralized/ Integrated Organizational Models
» Successful companies balance centralized capability building and federated delivery

» A central capacity is necessary for mature data science capabilities, aligning central teams with business lines and stakeholders
» Data leaders' reporting lines are shifting towards business leaders on the ELT, moving away from technology

SpencerStuart

Source: Spencer Stuart & Return on Al research, 2021



What structure suits your Al team best?

H1ON3H1S

SHOvVamvdd

M Centralized
Excel in efficiency and expertise concentration
but lead to bottlenecks and knowledge siloing

//COE\\

&r&n‘.‘n &&ﬁ &r&& &&a &&&

Efficiency: A single, dedicated team to streamline Al project development
and deployment across the organization. Ideal to drive excellence for
mature capabilities

Expertise Concentration: Pools top talent, fostering specialized skills
and deep Al expertise

Standardization: Ensures consistency in Al practices, facilitation of
access and sharing of data and technologies across different departments

Strategy: Aids the efforts of BUs by offering synergies and advantages of
scaling according to a strategic roadmap

Bottlenecks: Tends to be overwhelmed with requests from various BUs,
leading to delays and limited accessibility

Knowledge Siloing: May result in isolate Al knowledge within the team,
reducing broader organizational learning. May result in detachment from
market trends.

Autonomy: Lack decision-making power and does not manage a new BU
or responsibility for P&L

SpencerStuart

B Decentralized

Offer innovation and autonomy but can suffer from
inconsistency and resource duplication

aas /3

888 &é
Y
! / .\.\.&&c&&ﬁ
od ga 28
0o g2 &&A

Autonomy: Each department with their own Al team enables tailored
solutions and responsiveness to specific needs

Innovation: Lead to a variety of approaches and experiments with
different Al technologies and methods

Engagement: The team often has developed naturally, and direct
involvement can increase buy-in and interest in Al throughout the
organization

Inconsistency: Varied levels of competence and approaches across
teams can lead to disparities in Al project success.

Resource Duplication: May result in unnecessarily duplicate tools,
platforms, and talent.

Isolation: Solutions developed often lack transferability and applicability
across the organization. Result in a lack of priority alignment and no
ownership of corporate agenda.

Balance the benefits of centralized and decentralized structures
but require careful management to avoid complexity and
conflicts

nsight/P&L

S
SAd

od &b A4S A&E &d
Sod &6 ddd Sdd &4

Flexibility: Combines centralized governance and strategy with departmental
autonomy for implementation

Resource Sharing: Allows for efficient allocation of Al resources and
expertise where they’re most needed

Best Practices: Allows for innovation and facilitate transformation. Benefits of
being close to the market/customer includes cross-market and business
empowerment

Customer-centric: Enables the genuine promotions of a customer-focused
business and generation of external value

Complex Coordination: Requires intricate management to ensure cohesive
functioning, efficient resource allocation and avoid conflicts between
centralized and decentralized teams.

Mixed Signals: Can lead to confusion over authority and decision-making,
with potential for duplicated efforts or conflicting priorities. Requires a clear
definition and understanding of governance and responsibilities.

PROPRIETARY AND CONFIDENTIAL. ALL RIGHTS RESERVED.



Business/PO Design/Build Test/QA Operations é é é é é é

RAR KRR RRA KARAK

ARR RRA RAAR ARA AEATATATATA

RRR RRR KRR RRAR allallallallallf

RRR KRARAKR KRR RRA RIRIAIR AR

RARKR KRR RRA KARAK RIRIAIRIR| A
AR R A AR

Operational Effectiveness

Technology-Centric

Increasing shift from Technology-centric to Product-centric
structure

Product-Centric (Business aligned)

Change & Speedy Delivery

Strictly-defined roles Self-organizing

Tower-based model Flat organization model

SpencerStuart
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Technology Leadership Spectrum
Where does | chetaitcalineligenee | AT s1t5 in the spectrum?

Chief Artificial Intelligence
Officer

Chief Digital Officer

Chief Product Officer

Chief Technology Officer

Chief Information
Officer

o | @ [ & | & | &

IT/Infrastructure (IT) Research and Engineering and

and Applications Development Architecture Product Management Product Marketing Marketing Sales / Revenue

Internal / External
Infrastructure (IT) Sales/ Revenue

Chief Information Security
Officer

Chief Data Analytics Officer

SpenCEI‘StllaI‘t PROPRIETARY AND CONFIDENTIAL. ALL RIGHTS RESERVED 28
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|dentifying Blockers...

Why Is It So Hard to Become a Data-POWERED Company? (hbr.orq)

Over 90% of Fortune 1000 Senior Executives found culture changes
were their biggest barriers to Digital Transformation.

Struggle with Cultural Challenges relating to business

processes, change management, communication, people
skill sets, and resistance.

i

Company culture does not yet recognize needs for Al
Lack of data or data quality issues

Lack of skilled people/Difficulty hiring required roles

-

Difficulties in identifying appropriate business use cases

i

Technical infrastructure challenges
Legal concerns, risks or compliance issues
Efficient tuning of hyperparameters

Workflow Reproducability

=2
>

0% 5% 10% 15% 20% 25%

‘ Al Adoption in the Enterprise: How Companies are Planning and Prioritizing Al Projects
|| by Ben Lorica and Paco Nathan



https://hbr.org/2021/02/why-is-it-so-hard-to-become-a-data-driven-company
https://microsoft-my.sharepoint.com/personal/kimod_microsoft_com/Documents/FY19/Predictive%20Portfolio/FY20%20Library%20of%20Assets/AI%20Adoption%20in%20the%20Enterprise%202018%20survey%20by%20O'Reilly's.pdf

Organization Culture key traits

EXECUTIVE EMPOWERMENT CULTURE OF COMMUNICATION TIME IS NOW
OWNERSHIP LEARNING




Al POWERED COMPANIES - CULTURAL SHIFT

TRADITIONAL HIERARCHIES RESPONSIVE NETWORKS

COMMAND AND CONTROL LEARN AND ADAPT




The new AUGMENTED INTELLIGENCE
powered by Al

How can we
make it happen?

Prescriptive
. Analytics
What will

happen?

Predictive
_ Analytics
Why did
it happen?

Diagnostic \
Analytics = C\al
What \\
happened?
Descriptive
Analytics +

Traditional Bl | Advanced Analytics

DIFFICULTY




The new AUGMENTED INTELLIGENCE
powered by Al

How can we
make it happen?

Prescriptive

What will Analyiies BOTTOM-LUP

happen?

Predictive
Analytics

Hypothesis Why did

it happen?

Observation

VALUE

Diagnostic

TRADITIONAL BI

. YN [a)
Confirmation What i i o)
happened? L Hypothesis
Rescri[)tive LZ)
nalytics - <
N\P:“ON AR® 5 Observation
TOP-DOWN weo® <

Traditional Bl | Advanced Analytics

DIFFICULTY
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Data & Analytics leaders typically come from one of three primary

backgrounds, but the best have expertise in more than one

Head of Data Science/ML.: Head of Analytics/Insights:
Builds the advanced models Provides and applies
that enable complex data Mathematics meaningful business context to
products and solutions. complex analytical capabilities.

- C-level
C-level Data/Al Executive: Executive

Sets the enterprise strategy

for data/analytics and Al. .
Builds teams and capabilities, Product Business
unifies stakeholders and Engineers

establishes data asset

ownership for the enterprise.

Head of Data
Product/Engineering:
Translates strategic business
goals into data platforms,
products, and strategies.




Data & Analytics Leadership Archetypes: Roles and Market Considerations

Engineering Strategic

Chief Data &
Analytics Officer

/This leader champions\

Data Science & Data Product

Business Intelligence

/These leaders have a \ /This role integrates\

Machine-Learning Al

Gmis leader ensures \ /This role develops, \ /This executive works\

critical data assets
are captured, stored,
and made available to
end-users in line with
the creation of
business value.

They must stay
current with rapidly
evolving platforms
and tools

- /

Source: Spencer Stuart Analysis

- /

trains, and deploys
models that predict,
optimize, test, and
action key decisions.

They must combine
deep technical skill-
sets with business
knowledge
Capabilities must align
with business goals

- /

data and machine
intelligence as a
critical corporate asset.
They drive business
transformation
across all domains.

This type of talent can
be harder to find due
to the combination of
senior executive
leadership skills and
relevant industry
domain expertise
needed to succeed.

\_ J

with stakeholders to
define data assets
and establish
privacy, policy, and
quality standards for
the enterprise.

This talent pool is
becoming more
technical as modern
approaches to data
management rely
more heavily on
machine learning tool.

korientation. /

commercial
orientation and a
deep knowledge of
technical and
analytical
techniques to
develop a product
strategy for
monetizing assets.

They are often either
deep product people
learning data science
or data scientists with
a commercial

and analyzes real-
time data from
various sources for
forward-looking
business insights.

They can leverage
data science and A.l
to inform business
decision making,
without necessarily
being a data scientist
themselves

\_ J




Top performers will be Al-enabled workers
Harvard Business School Technology & Operations Mgt, 18 Sep 2023

Boston Consulting Group (BCG), one of the most prestigious consulting
firms, is testing the impacts on Al on its employees: consultants using
GPT-4 finished 12.2% more tasks, completed tasks 25.1% more quickly,
and produced 40% higher quality results.

In our study conducted with Boston Consulting Group, a global management consulting firm, we examine
the performance implications of Al on realistic, complex, and knowledge-intensive tasks. The pre-registered
experiment involved 758 consultants comprising about 7% of the individual contributor-level consultants at
the company. After establishing a performance baseline on a similar task, subjects were randomly assigned
to one of three conditions: no Al access, GPT-4 Al access, or GPT-4 Al access with a prompt engineering
overview. We suggest that the capabilities of Al create a “jagged technological frontier” where some tasks
are easily done by Al, while others, though seemingly similar in difficulty level, are outside the current
capability of Al. For each one of a set of 18 realistic consulting tasks within the frontier of Al capabilities,
consultants using Al were significantly more productive (they completed 12.2% more tasks on average, and
completed task 25.1% more quickly), and produced significantly higher quality results (more than 40%
higher quality compared to a control group). Consultants across the skills distribution benefited significantly
from having Al augmentation, with those below the average performance threshold increasing by 43% and
those above increasing by 17% compared to their own scores. For a task selected to be outside the frontier,
however, consultants using Al were 19 percentage points less likely to produce correct solutions compared
to those without Al. Further, our analysis shows the emergence of two distinctive patterns of successful Al
use by humans along a spectrum of human-Al integration. One set of consultants acted as “Centaurs,” like
the mythical halfhorse/half-human creature, dividing and delegating their solution-creation activities to the
Al or to themselves. Another set of consultants acted more like “Cyborgs,” completely integrating their task
flow with the Al and continually interacting with the technology.

SpencerStuart

0.8

07

Used Al

0.2

0.1

0.0

Quality
Distribution of output quality across all
the tasks. The blue group did not use Al,
the green and red groups used Al, the red
group got some additional training on

how to use Al.




The Indispensable Role of Management in the Al Era

As organizations continue to evolve,
the focus should not be on removing
layers but on optimizing the
collaborative potential between
humans and machines.

29%
reys Flexibility
The abilities of strong leaders and el S
managers to interpret, adapt, and intelligence
execute will not only remain relevant
but will become the cornerstone 30%
skills for corporate success. Analytical 24%
judgment Creative
_ evaluation

As Al evolves, understanding the
needs and motivations of both

) 23% 22%
employees and customers will be Intellectual Bins chatariicn
irreplaceable. curiosity and handling
https://mww.forbes.com/sites/forbestechcouncil/2023/09/22/the-indispensable-role-of- 21% >
middle-management-in-the-ai-era Al(gre(lsng:tt;?n
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The Future of Work: two challenges “never” faced above
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HOW TO CREATE AN Al -POWERED COMPANY
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1 Engage your Transform your

customers products
: Empower your %W @ Optimize your
. ~ employees J operations



The ethics of Al begins with Strong Principles

U O - 2R

Fairness Reliability Privacy & Inclusiveness
& Safety Security

(@) Transparency

@ Accountability
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Putting Responsible Al into practice: A Holistic View

—

v" Create ethicist roles
and ethics training

Tools

v" Define principles and
: a code of ethics

Practices
v Implement a

Principles governance model

- v Advocate from the
top, at all layers

.
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LOOKING INTO THE NEAR FUTURE...
...of an Exponential Evolution

- "Al will reach human
. levels by around 2029.
. By 2045 we will have
- multiplied our human

. biological intelligence a
. billion-fold”
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2 RECOBNIION ‘
Ray Kurzwell |
In February 2009, Kurzweil,
announced the creation of the
Singularity University training 2 ‘
center for corporate executives Time 20 24
and government officials.
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EFFORTS TO SHRINK COMPUTER MEMORY ARE HITTING PHYSICAL LIMITS
THE PROBLEM WE ARE SOLVING | THE EXPONENTIAL GROWTR OF STORED INFORMATIDN



EXPONENTIAL ALGORITHMS
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